AR AU 2026 4F 1 A58 47 55 1 ] Adv Cardiovasc Dis , January 2026, Vol. 47, No. 1 - 17 -

ET ATEeERIE FITi2 25750 A 78 FZ % P RY
MRt RS N AR =

FRAR AV ERT! x15R gl
(1. M BEA KRS, #7582 & KF 830017; 2. FHRBEMKF R LEERABRARER S AY AF, #i2 5 &
K5+ 830017)

[FEE] SREMBERLF LGS hERBL— AERELBRFELBAALSFFLE LI BRITS BAEA O IR 02
BB R BAKR A S (2R E A S AAERAMES — S REMEAM, B5 R EATFALERGLTHL ERRG ik L
B, BlsF Ao SRR E RS PRIVEIE RS S, ARAAGERCBEMERGEAMAL LB AE, 2T RS BeH
BRE BCHEAEFRREES N, S EERITA T A TR BRI LS 5 RIEE PRI,

[X@RA] ALF®R, UFHL B SEMBRR, REF T BREESH

[ DO1]10. 16806/]. cnki. issn. 1004-3934. 2026. 01. 004

Research Progress and Application Prospects of Electronic Stethoscopes Based on
Artificial Intelligence in Valvular Heart Disease

Abudushalamu - Shadeerding' , LIU Haiyu',PENG Hui’
(1. Xinjiang Medical University, Urumqi 830017, Xinjiang, China; 2. Department of Cardiology, Xinjiang Uygur
Autonomous Region People’ s Hospital , Xinjiang Medical University ,Urumgqi 830017 , Xinjiang , China)

[ Abstract] Valvular heart disease is one of the common cardiovascular diseases, with its incidence and disability rates continually rising
in an aging society. Although traditional stethoscopes have the advantage of low cost as a preliminary screening method for valvular heart
disease, they rely on the experience of doctors and suffer from insufficient recognition accuracy and consistency. In recent years, artificial
intelligence-based electronic stethoscope technology has advanced rapidly , demonstrating significant clinical potential in the automated analysis
of heart sounds and screening for valvular heart disease. This article systematically reviews the fundamental overview and diagnostic procedures
of valvular heart disease,analyzes the construction principle, core functions of electronic stethoscopes, and the trend of their integration with
smart devices, and emphasizes the research advancements in artificial intelligence for heart sound feature extraction, model training, and
clinical validation.
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