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[ Abstract] Insufficient awareness rate, treatment rate and compliance rate of hypertension are the main obstacles to Chinese
hypertension management. The emergence of artificial intelligence( Al) has revealed new strategies for the hypertension management,such as
telemedicine and big data-driven digital medicine. Accumulating evidence also indicates that the application of Al in hypertension management

is feasible. It is a significant step towards the future pattern of digital management in chronic disease management. This article reviews the

recent application of Al in hypertension.
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