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[ Abstract] In the cardiovascular field, the fusion of medical imaging and artificial intelligence can deeply explore the features of

imaging data and assist in the diagnosis of diseases. The diagnosis of coronary heart disease mainly relies on imaging examinations, and the

accuracy of diagnostic results is reduced due to the differences in qualifications and levels among doctors and errors arising from individual

subjective reasons. Processing the huge amount of image data consumes a lot of time and energy of doctors. At present,as an important branch

of artificial intelligence,deep learning plays a unique advantage in image data processing which can be applied to coronary heart disease image

diagnosis to improve diagnostic efficiency and accuracy. In this paper,we review the application of deep learning technology in the diagnosis of

coronary artery disease imaging.
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