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[ Abstract] Pulmonary vascular disease (PVD) refers to a variety of diseases affecting the blood vessels in the lungs, mainly including

pulmonary hypertension and pulmonary embolism. The pathophysiology and clinical manifestations of PVD are complex and heterogeneous, and

the disease burden is severe, which presents a major challenge in diagnosis and treatment of PVD. In recent years, with the continuous

development of medical information technology, the application of artificial intelligence ( Al) in the diagnosis and treatment of diseases has

progressed rapidly, providing new ideas for the diagnosis and treatment of PVD. This review provides a literature review of the data sources,

data types and clinical applications of Al in PVD, with a view to providing a theoretical basis for the early diagnosis and treatment and

standardized management of PVD.
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